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"pose_a_caption":

Pose B

"This is a dynamic running or 1unglng pose. The arms are extended straight out to the sides for bqlance, and one

leg is forward with a bent knee while the other is back, also bent. The body is leaning forward, suggesting motion."

"pose_b_caption":

"comparison_caption":
backward from Pose A,

degrees forward from Pose A, left arm raised 50 degrees from Pose A,
differs from Pose A by introducing dynamic asymmetry and openness.

"This is a dynamic, open-armed pose where one arm is raised high and the other is extended oqut to the side, with
legs in a wide, slightly bent stance. The body is balanced and upright,

suggesting a moment of reaching, stretching, or celebration.'

"Compared to Pose A, Pose B has left leg moved 30 degrees outward from Pose A, right leg moved 4@ degrees

, right knee straightened 60 degrees from Pose A, left arm moved 20

and right arm moved 1@ degrees forward from Pose A. Pose B
Whlle Pose A maintains a -

level, Pose B features one arm raised high and the other extended, creating a reaching, expressive posture This asymmetry shifts the
center of gravity, suggesting motion or celebration, contrasting with Pose A’s static, balanced stance.

E#T—5:

"pose_a_caption":

"The person has their arms outstretched horizontally to the sides, with straight, slightly bent elbows. Their legs

are in a running or jumping motion, with one leg forward and bent, and the other back and extended, creating a dynamic, mid-air

posture."

"pose_b_caption":

"This is a dynamic, open-armed pose where one arm is raised high and the other is extended out to the side. The

legs are spread apart in a wide stance with bent knees, giving the body a balanced, expressive, and slightly floating appearance."

"comparison_caption":

"Compared to Pose A, Pose B has left leg moved 30 degrees outward from Pose A, right leg moved 20 degrees

backward from Pose A, right knee straightened 60 degrees from Pose A, left arm moved 20 degrees forward from Pose A, left arm raised
50 degrees from Pose A, and right arm moved 10 degrees forward from Pose A. Pose B differs from Pose A by featuring a dynamic
asymmetry: one arm is raised high while the other extends horizontally, creating a reaching or celebratory gesture. The legs are
spread wide with bent knees, shifting the center of gravity lower and more outward, suggesting a stable, expressive stance. This
contrasts with Pose A’s more balanced, forward-moving posture, implying a focus on propulsion rather than open-ended expression."

M 3: H#x v 7> a VARGl ANLZ3D F—% (b)) &, ElREhr* 2 b (), E@E7F—% (F). EREhik
7 X A PHROEXT O THRERNE 3 KT T — X A B DRk 2R L, OO MERIIERT — X e —H L RVidhz Ry .

DR—=RETNTH% PointLLM O—fRWEATO ¥ v 7
¥ a YAERD0.1192 TH Y, KL TOEELX X7 DHR
BINYIDOATHEZ2EZ DY, ZYREBETHIE
ZAbNb., Fi, L2 0 METEOR X 0.405 T, H
Wb X 2 7 % Llalo T3, Zhik, R 27 O1Ef#E
7 —& 7% TCompared to Pose A, Pose B has...| W5 %E
RN EZ S EATVS D, ETNDZDERHEE
RN T L - X2 BB IEETER-DEEZONS.

BT, &R ThERENF Y T a v icBiT?
ZACERL DM E 23R 1 1C7RT. Level 1 OEHLD A D
FEREX recall 28 0.938 &<, Zb23dh 25 2HD 21X
LB TETHR e bhd. %72, Level 2,3 D
BEDREAHEDENE TEEE TS, DA LD
HREEMETT 2. ZLomMELHER, Sy 7/Yavik
BTHEPZPVELSTHIRLT — R E#HIKRT 2 b
TIEMICEE T2 2 B TE 5720, AFEOFEMEICI
RERZEHITVWeEZONS.

RRIZ, TANT—RDODANLEREINF ¥y T a
v, ET—20—Hl%X 31Z7~RF. Pose A ¥ Pose B D
HBROX v 7> a VERRERIE, ANEN/3D 7—4%t
BRZLZEBORBMNHEONS. ZOERF ¥ T>arny
ERF—R2r—HLTWRZhs, EET—2DF+ 7
ParvPELLFEIATOERENZ & PEEVDJRKT

5. BYOZILOSFENZFHICEL TR, floksic
ldynamic, athletic pose] [stable, upright posture| 72 ¥'IZ
RE—MpEh TV b, ZE O TFOEWED b2
ROLBICE R LTV BEAPS RS,

6. ¥R

R, VA 3 KT IRE BREFECRIAT 25005
BELTIEWVW2b00, 3XLHIROERZ BHARSFETEI
T AW L TWARY. £ ZTAMETIE, 220 3
KT A b’C%HHKD ZNHDEREYHARSEE

Ty 272D DETNERRE LIz, £/, SMPL ZiEH
LB T—&ty P ERERL, IBRFEOFHEICH W,
KEROMER, RBEETTMIZNEHMORHKTELD recall 3

0.938 £z, ZALFMZED ZIF LR LML, BRS
BTORBTE .
BE K

[1] Bai, S. et al: Qwen3-VL Technical Report, arXiv
preprint arXiv:2511.21631 (2025).

[2] Banerjee, S. and Lavie, A.: METEOR: An Automatic
Metric for MT Evaluation with Improved Correlation
with Human Judgments, Proceedings of the ACL Work-
shop on Intrinsic and Extrinsic Fvaluation Measures
for Machine Translation and/or Summarization, pp.
65-72 (2005).



% 29 [O] EROEH - BED VRIS UL

B3]

(4]

[5]

(6]

(9]

(10]

(1]

(12]

(13]

(14]

De Gélis, 1., Corpetti, T. and Lefévre, S.: Change de-
tection needs change information: Improving deep 3-
D point cloud change detection, IEEE Transactions
on Geoscience and Remote Sensing, Vol. 62, pp. 1-10
(2024).

Hu, E. J., Shen, Y., Wallis, P., Allen-Zhu, Z., Li, Y.,
Wang, S., Wang, L., Chen, W. et al.: LoRA: Low-
rank adaptation of large language models, Proceedings of
International Conference on Learning Representations,
pp. 1-13 (2022).

Kerbl, B., Kopanas, G., Leimkiihler, T. and Drettakis,
G.: 3D Gaussian splatting for real-time radiance field
rendering., ACM Transaction of Graphics, Vol. 42
No. 4, pp. 139-1 (2023).

Li, J., Li, D., Savarese, S. and Hoi, S.: BLIP-2: Boot-
strapping language-image pre-training with frozen im-
age encoders and large language models, Proceedings
of International Conference on Machine Learning, pp.
19730-19742 (2023).

Loper, M., Mahmood, N., Romero, J., Pons-Moll, G.
and Black, M. J.: SMPL: A Skinned Multi-Person Linear
Model, ACM Transactions on Graphics (TOG), Vol. 34,
No. 6 (2015).

Luo, T., Rockwell, C., Lee, H. and Johnson, J.: Scalable
3D Captioning with Pretrained Models, Proceedings of
the 37th International Conference on Neural Informa-
tion Processing Systems, pp. 1-31 (2023).

Qi, Z., Dong, R., Zhang, S., Geng, H., Han, C., Ge,
Z.,Yi, L. and Ma, K.: ShapeLLM: Universal 3D Object
Understanding for Embodied Interaction, Proceedings of
FEuropean Conference on Computer Vision, pp. 214-238
(2024).

Touvron, H., Martin, L., Stone, K., Albert, P., Alma-
hairi, A., Babaei, Y., Bashlykov, N., Batra, S., Bhar-
gava, P., Bhosale, S. et al.: Llama 2: Open foun-
dation and fine-tuned chat models, arXiv preprint
arXiv:2307.09288 (2023).

Xu, R., Wang, X., Wang, T., Chen, Y., Pang, J. and Lin,
D.: PointLLM: Empowering Large Language Models
to Understand Point Clouds, Proceedings of European
Conference on Computer Vision, pp. 131-147 (2025).
Xu, R., Yang, S., Wang, X., Wang, T., Chen, Y., Pang,
J. and Lin, D.: PointLLM-V2: Empowering Large Lan-
guage Models to Better Understand Point Clouds, IEEE
Transactions on Pattern Analysis and Machine Intelli-
gence, pp. 1-15 (2025).

Xue, L., Yu, N., Zhang, S., Panagopoulou, A., Li, J.,
Martin-Martin, R., Wu, J., Xiong, C., Xu, R., Niebles,
J. C. and Savarese, S.: ULIP-2: Towards Scalable Mul-
timodal Pre-training for 3D Understanding, Proceed-
ings of 2024 IEEE/CVF Conference on Computer Vi-
sion and Pattern Recognition (CVPR), pp. 27081-27091
(2024).

Yu, X., Tang, L., Rao, Y., Huang, T., Zhou, J. and Lu,
J.: Point-BERT: Pre-training 3D Point Cloud Trans-
formers with Masked Point Modeling, Proceedings of
2022 IEEE/CVF Conference on Computer Vision and
Pattern Recognition (CVPR), pp. 19291-19300 (2022).



