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3.1 HEHBT—F7IFv

BERETND7—FT77F v 2R 1ITRT. ANTH?
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[eREET  AiERJE X =90 ~ +40
AR 7 0~ +30
JRBEET X 0~ +90
BHEE Ak Y  —90~ 490
+F Z  —90 ~ +90
IEEET ek Y —90~0
JEHEN A X 0~ +30

5. ZLT, R=XRF7X—=&01F, £1LITRTLIIZ,
RN HFEE L3 WIREEET, KRESET, BRI, YRIET,
BHEDFT 5 DDBEENCB T ZRFED 13 %5 X — XIZIRE
L, 22D 3XKTETNLDRT (Pose A ¥ Pose B) &4
5.
BRTDERIZBOTIE, 1337 X—&ZD5H, 3-51E
ERL, ThEPNORMERZIRET 2. T —XERDERIC
X, URD 3 HEE&Fe L. (1) BE0HRBRESCEAS
FERLAOMAMEX 2 EE L, ARIERMETIER L 10° XA
DHBIEY LTHY TV V253, (2 BfFL 5 X—&
OXIEBERE —BICED 5720, 1 DO L Tid—
JEIC 1 DML D Az #IET 5. (3) [A—HR—XDR7
DWEWRENS Z L &<, Pose A ¥ Pose B DT,
P ed 1 OOMFHICEWT 10° U EDMEEZHE
T5.

REEIN/Z T X —RIZHDE SMPL ET A5 X v
S aBENR LR, FET K LT Farthest Point Sam-
pling (FPS) 712V XA ZHEHAL, N = 8,192 KD

K2 RNIX—XEGDLHARSEANDEHNL—L
FEigva =0 AEREhZEASE

JIiBEHET (ATR)  +
- left /right leg moved forward

JRIET (8%) +

left /right leg moved backward

left leg moved inward / right leg
moved outward
— left leg moved outward / right

leg moved inward

JERBE £ + left /right knee straightened
— left /right knee bent
B (Witk)  + left /right arm moved backward
- left /right arm moved forward
B (EF)  + left /right arm lowered
— left /right arm raised
i BE g + left elbow bent / right elbow
straightened
— left elbow straightened / right
elbow bent
[IZEZS + torso straightened

— torso leaned forward
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ZUER AP TER L. ATk 2 TiE, ¥4
7 —& ¥ LT500,000 X7 ZEER L. Fiz, BRET
WERGEES 2720, TA M T —=REEET 2B EEN
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DFEET R BB L TH e AR MCEET 2
DEMGET 2728, HREEZE(LXEZT A b7 —X IEK
L7z, BARRNCIE, BHEOT A F =& 5 100 7 &
L, R=XNFX—=XITTOMEZIRFF L7 %%, SMPL
D 10 KICDAERIINR T X — & B DFRR D EIRILITH > T
> 7' L7z, Pose A ¥ Pose BIZIZEWZERZ %2523
YT, 20D AN EENER 2R EFORT BEEL
7z, (KBS X — X DI DOAERREMIEEE T — X L [A—T
H5.
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Qwen3-VL &R — XD 4 Gz znzh AL, F
EOMEMGE, BRDMRE7EZ0ERBDREN LM%



BIRLIEF R RRE
IPSJ SIG Technical Report

R E B HiRF v 7Y a ik, SMPL ORI $S X —
&% VTSR . MLLM 12 & 2 HASEERCR D 2
oINS, AiEOEMAIGEIRIE, Pose A ¥ Pose
BOXRIRX—REDEFEL, EBMRERLTART 5.
R2WTRTEIREHN—NIZHIE T A—RDHE
REARSHERIAANCEET 2. 72720, £REIn 3508
DEREIZIE, HELY R Z2R-XEHRT 372012 Tfrom
Pose A] PMIE5 &5, RENDEDIZE T A —=RITBY
% Pose A OfEiH 5 Pose B D{EZF |\ b DEIET. %BE
DOHAREERIE, FER-ZXDL &Y ¥ ZHIGE 8 KD
H{5% Qwen3-VLIZAN L, HHEECEERER TS, 25
LTAEREIN 2 BOREX v S a v 2B TF5 2T,
EREMRIEMEZHR L DD, ABIcE o TEARTHERL
RIVHEX Y 7> a v EERT 5.

5. RER

HEFERANEINT 2 0D SO E SECHE T
ZREN L, MBEDOERESHELTIHNEE LTV I 0%
MGREL7z. AT, PR 72O E Yy, FERFr 2
2B ARTRNCHT 2 BN MMEIZOWT HFM L 2. MEEIC
X, AETERLET—XEy FEHWE.

5.1 RERRTE

REFEOR—ZETNLLE LT3 RTRAFEILF ¥ T
¥ a YAEMREITS PointLLM-7B v1.1 2] #8fH L7z, &
EFILOABET Y a— X121 ULIP-2 [10] THFIFE IH
7= Point-BERT [8] A LTHED, AN ni il o
Kz it 3 5. Projector BiZ 3OZE \—t S+ 1
> (multilayer perceptron: MLP) THi X, =>a—&
M L7 E % LLM D3RR AT RE 72 M 8D A A 22 A D
WEEITS. LLM Oy 7 R — i Vicuna-7B v1.5 [13]
EHEHAL, AWM= U5 BRSEOMEEZERT 5.
Point-BERT = > 2 — &8 X Of LLaMA-7TB DX — 285
A =RFFTRTEEL, FEC X 23TV, —7,
Projector JBIZEAL TlE, @287 XA —REETH L L=,
F 72, LLM X L Tlk LoRA %M L, Attention JEIZE
MENT2T R TRDNRTGRA—=RDAEFEIRES LT,
HEaAXMEMRAODT 74 v Fa—= T RITo T,

7 A MTIE, Pose A & Pose B 2N ZNFHHHT % ¥ v
T a vDERY, Pose A, B D F v I a VEAERK

R 3 EF v 7Y 3 VAROKEHEifER

200,000 X7 500,000 7
Level Precision Recall F1 Precision Recall F1
Lvl St 0.898  0.940 0.918 0.979 0.978 0.978

Lv2 8ifE+751A 0.868  0.913 0.890 0.977 0.975 0.976
Lv3 AFERE 0° 0.613  0.644 0.628 0.913 0.912 0.913
Lv3 fERME 10°  0.838  0.881 0.859 0.976  0.975 0.975
Lv3 fAERME 20° 0.861  0.905 0.882 0.976  0.975 0.976
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T25&9, ERXEAN L. Z2LT, ZOHAIELT
FEEEZ ST U7z, LIR%, Pose A ¥ Pose B % ZH 2 iHH
T2F¥xy 7> aroEE MERIX A2, Pose A ¥ Pose
BO#gF ¥ 7> a Vv EERTIXAT % THIEX R 7 |
IR,

BB, 4BIZTBREARL T4 D ERESR
72 500,000 X7 D7 — X EHH L. FBIE 3 BETHERL
2 BIRE2EBICHED, 1 TRy 2B O F— Rt K%
Fy o a e flilEFy > a T8 2ITREL.
LoRADS > Z7Er=8 Ar—U >y 7FHia=16¢%
L7z, 87— XOBBEIMREIC S 2 2 8% 513 2 72
®, 200,000 R7TEELEETLEORKBITo/. T
Z M, T —RIZE TN 1,000 7 ZHH L.
X BT, 4 BTHRREMABEZZXE/Z 100 R7DT R b
T =2 HWT, RIS 2 a8 MED R L 7.
28 B X UFHMiX, NVIDIA H100 PCle GPU Z#&# L 7=
H—N— FTEEL 7.

5.2 FHEIEIE
ERENzF v 7Y a v OREMEIC, HASELHE

BXUHEHBF ¥ 7> a YERSBH CEEMNICHWSN S

METEOR [14] Z8H L 7. MZA T, KX X2 T Pose

A & Pose B TZALD B 2 H 2 385K T & TV % » & iR

T30, HFy 7Y a v OERERICERDS D 2R

ANDEMDEEDIEE 2L /2. BRI v 7

T a v L FROX v 7 a v b BRI O Z L ECk & i

ML, Zhoo~yF Uy I7RBEZTHMELE. v F 27D

EAEwWE, UTFD 3 L EHWE

Level 1: Bi& Z(tHEULHMOESHN T Y
FUIRITS . HEEIM S DDEN DS %
BMHETE 02T 2. B2, TEMEY > 7> a
v EMDRITTCENN T, Bl F Yy T a v ERD
AMANCEPNT W) W o AT EMDBEIN - &
[F—f3 5.

Level 2: EMM—B E0L - BIERER] - HofAaED
BHMN T~y F Y 72175, ZeofEr HiaETE
LWz dHiiL, AEERDZR.

Level 3: AERME Level 2 D~y F U 2MAT, AE
ZHBMEMANTH 202 HES 5. BEZ0° (Ee—
2O, 10°, 20° O 3 EREERET 5.

FEEE, 27 A MRTTOERF ¥ 7> a YNDIELWER

MEDRREE true positive (TP) & L, ERF ¥ 7> a v

NODENL DR, 1EfRF v 7 a Y OFNM OB E T2

N HEEE LT precision, recall, ZEFHELZDE, Zh b

% L IZF1 score ZHH L.

53 REBRHERrER
AEHTIE, FFEEFHEOEREE L 2EF— X HBD
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"pose_a_caption":

Pose B

18 Y

( ;

"This is a dynamic running or 1unglng pose. The arms are extended straight out to the sides for bqlance and one

leg is forward with a bent knee while the other is back, also bent. The body is leaning forward, suggesting motion."

"pose_b_caption":

"This is a dynamic, open-armed pose where one arm is raised high and the other is extended oqut to the side, with

legs in a wide, sllghtly bent stance. The body is balanced and upright, suggesting a moment of reaching, stretching, or celebration.'

"comparison_caption":
backward from Pose A,

"Compared to Pose A, Pose B has left leg moved 30 degrees outward from Pose A, right leg moved 4@ degrees
, right knee straightened 60 degrees from Pose A, left arm moved 20

degrees forward from Pose A, left arm raised 50 degrees from Pose A, and right arm moved 1@ degrees forward from Pose A. Pose B
differs from Pose A by 1ntr0duc1ng dynamic asymmetry and openness. Whlle Pose A maintains a =

level, Pose B features one arm raised high and the other extended, creating a reaching, expressive posture This asymmetry shifts the
center of gravity, suggesting motion or celebration, contrasting w1th Pose A’s static, balanced stance.

E#T—5:

"pose_a_caption":

"The person has their arms outstretched horizontally to the sides, with straight, slightly bent elbows. Their legs

are in a running or jumping motion, with one leg forward and bent, and the other back and extended, creating a dynamic, mid-air

posture."

"pose_b_caption":

"This is a dynamic, open-armed pose where one arm is raised high and the other is extended out to the side. The

legs are spread apart in a wide stance with bent knees, giving the body a balanced, expressive, and slightly floating appearance."

"comparison_caption":

"Compared to Pose A, Pose B has left leg moved 30 degrees outward from Pose A, right leg moved 20 degrees

backward from Pose A, right knee straightened 60 degrees from Pose A, left arm moved 20 degrees forward from Pose A, left arm raised
50 degrees from Pose A, and right arm moved 10 degrees forward from Pose A. Pose B differs from Pose A by featuring a dynamic
asymmetry: one arm is raised high while the other extends horizontally, creating a reaching or celebratory gesture. The legs are
spread wide with bent knees, shifting the center of gravity lower and more outward, suggesting a stable, expressive stance. This
contrasts with Pose A’s more balanced, forward-moving posture, implying a focus on propulsion rather than open-ended expression."

B4 HExyTa Bl ALz 3D 7—% (b)) &, ERshz7F2 s (h), &
BT —% (7). ERENT F R MO BEFED TR 3 X7 — & L A= D5
BeRL, REDO T ERT -2 —BLLVididz2RT.

BRI, RHFE TR e B 2HREICHT 2N
A MEEEES 5.
5.3.1 4EREEOFE

%3, 500,000 7 THEE L7270 0HRE R Z BN
%. H{EZ 22D METEOR X 0.339 THo/-. #BETF
BEDR—ZAEFINTH 2 PointLLM O— YK TDF v 7
¥ a YAERA 01192 TH D, AL TOHEKZ X7 DIFR
BANVDATHZ e %2EZDY, RYLRBETHLE
ZbNb. £, & 2270 METEOR 1% 0.426 T, B
Ktk &z 227 % FREl>oTWwWa. ZHIZ, Bk 227 DR
7 — &7 [Compared to Pose A, Pose B has...| £\W95%E
BB EZ L EATVS D, EFANZDXERME
REM 7V X2 RBIFE TR D eEILNS.
BT, xR chERIhxy 7> avitBiT3
ZACEA OB HRERE % % 3 13RT. Level 1 OERAIDAD
FEEWE F1L 227250978 &<, Z{bpd 2E80M1 %2 LD
TIELRLHEAINTETWEZ bbb 5. Level 2 DEIE
HEETEEZEELZGATSH F1 237130976 225,
Level 3 OfERIME 10°, 20° T RIFEDOFEEEMHERL T
3. AEBMEO 22— T FL 22750913 12K
T 2H, ZleomEeAaEE, Fv 7Y a YERTHEE
MNEZDEL TS 3RLT — X R BRI S 2 2 & TIERIC
HHT 22D TE 270, AFEOEMEIIIKERE

© 1959 Information Processing Society of Japan

HxhweEzohs.

TANT—=RXDANERINZFYy S ay, ER
F—XD—fl% X 4127”7 F. Pose A ¥ Pose B DHE{ED
Fx 7Y a VAERERIE, ANTENZ3D TR idRER
ZERBORBENHEOSNG. ZOERF v > a VIZIEMR
T—REWF—BLTWVWBRZehs, BT —XDFv 7
/a/#EL(H?éﬂTD@DpZ#H WD JH AT

. BFOZIDFEENHICEL T, flo X
|—dynamlc, athletic pose ] stable, upright posture| 7% ¥'iZ
RE=MEENRTVE L, BB FDOENEID AL
KDOEBICER L TWABEABR ST,

R, FBT -2 HEOHBE LR T 572, 200,000
R7THELIET LV DHIEEITS. B{RXZ X7 D ME-
TEOR X 0.326, Lt#i% 22 ® METEOR 1% 0.400 7D,
WIFND X R ZTH 500,000 R7EFNE REl- /2. %
72, EMRH D F1 227 % Level 1 T 0.918, FAERE 0°
@ Level 3 T 0.628 ¥, 500,000 X7 EF L5 EFNZN
0.060, 0.285 KN L7z. ZOMERD»S, ¥ T — XD
BIMIFHCAE D EMHERHEICKELSFET S Z L IVRE
.

5.3.2 FEZ(ICXNTZ0/VR MEETE

4 ETHRARIFEBR R B X BT A P F—& 100 R7 %

FAWTEHME L7z, FHilifERER 4 10n3. HBXRA 70
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METEOR 1% 0.411 C, @HD7 A 7 —4& (0.426) It
AT 0.015 DIRRIZE F o 7= FAHRED Level 1 D F1 2
a7 0914 THD, BEDT AT —% (0.978) IZHL
T0.064 DIK R o7z, —J5, AERIEO0° @ Level 3 D
F1 2a7130599 2D, @EDT R 7—4 (0.913) »
50314 L RELMKPLEZ.

ZORERD S, TEDEMBEA L Tzh) &S EHERR
BHNIAZIC L TR AR MIZITR 32—, [ERERfA
EOHEE AR DB ELZ T E e 0830h 5. Zh
&, ETLOREERRIO SRECEE LI AEHEED SR —
VU, RBEIEC ko TN 2D EZ NS, 72771,
FAERMEZE £10° IBEMT 22 F1 227130844 72D,
HHEEDORELTARTIERNREE IR INS.
JEH%#E 2 % LT, #iio@D 3 X7 — X5 & EHER
HiAETEHBTE 2729, AEHEEEDKRNIAFED
HMEERELERIDOTRRZVWEEZ NS, HAD
MHICE L THRBIZIL R ThmWEEZ R L Twa 2k
&, 5%, BIROZRENFEANOHEHEE 2 5 L THEER
MREEZ5.

6. HHDIC

WEED 2 TITEGEL D & 3 KITCZER AN DILIR DRI
BV, 3 RIET — XIHIG L7z MLLM £ VB XA,
3D ATV = hOIRPIBIE FFELT 5 Z 2 DSATHE
ol LPL, ThHEDEFIVIIHE—DEHANICDA
MIELTED, 22007 =X %2FAKICANTLTZDOER:
HHELHASEL L CHAT 7 —F727F v 2HEL TV
WV, XBIZ, 3T —RICBI AHED AR PR T
72D DKFBL T —XEy N HIFEELRZL.

Z ZTARMRIE, 200 3 ReEEEE AT LTITEL
h, ThOLOMENLRARTARSHETLRT 27200
EFAERRELE. £, 2HTFT—ZXOREEH S 129,
SMPL €7V ZIEA LA T — &ty MERFELIER
L7-.

EERTIX, BEFESANEIN 2 D0 SBEE AN
W, RKAlF 2R, MEOMENRAERE SHELT 20
HNEAL TV 2EMEE L. EBROMEE, BREF NI
ZALEHNMOMEFEED F1 2a 7250978 ¥ 72 b, Z{bEk
MIZED ZIF L L, BATETRITE L. Fi,

R4 KL LET AT —22WF 3HKF v 7> 3 YAERD

B S A 5
Level Precision  Recall F1
Lvl #fitst 0.870 0.962 0.914
Lv2 BifE+ M 0.833 0.936  0.882
Lv3 AERIfE 0° 0.566 0.635  0.599

Lv3 fERIE 10° 0.798 0.896  0.844
Lv3 fERIE 20° 0.826 0.928 0.874
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T 10° DOFAHFEZBIFIVIAEDEVIZOVTD F1 X
a7 0975 L ERE TR TE 2 Z e BRI NT. —F
T, ¥E7T—-RIZEENRVETIDEIR 5 R T7ITOVTIE,
KREPBREIFHRTETWR OO, WHELETAED
HEEVZREETDH - /2.

AIFFEIIE, SBRIBIETRE I ODHENDH L. H—
12, x> a3 Y oMEE & D EYNCEHGS 2 FED
WXL TH 5. AWFETIE, METEOR IZh1 X TERAIENLD
Precision/Recall #Hifi 28 A3 % Z &C, Z{LER OB
FEHE v R BRI BEL CAMliL 7z, LA L, &
DD REBADHRS T TED THYNCHHES 2T
FEOWNLIZSHOFEL LRI TWS. B, %Y
F—RXDHEREPDETH S, FEHF— X% VLM IZ X
2% 72 avTHERLTVEHDD, "L pr—a v
PRETBLEVEENTBY, ¥HOMEKRTICORI >
TWAEEZBNS. B=1T, SMPL LADIELRW R X 4
YANDMIGTH 5. HYORELKRZY, FHROXFX
FRISHBEICHET 2729, X hE2RR 3T — &
BEHFTEEZRE T ANDILRD KD 5 d. b DFFEIC
Wbty Z & T, 3 XITRBHHIR & 2 7 OB H L S,
XD EERBENTORBICEIKRTE 5.
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